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Dear Editor:

We read with interest the study by Faneli et al., which evaluated generative 
large language models (LLMs), including ChatGPT-4, ChatGPT-4o, and Claude 3.5 
Sonnet, using questions from the Brazilian Retina and Vitreous Society certification 
examination(1). The use of a subspecialty-level question set, standardized prompting, 
and dual quantitative and qualitative assessments provides a clinically relevant 
benchmark for ophthalmic education.

The interpretation of model performance is closely linked to the decision to record 
only the first response as the final output. Although this design isolates baseline 
reasoning, it does not reflect the iterative clarification process commonly used in 
real-world interactions with LLMs(2). Given that the difference in accuracy between 
Claude 3.5 Sonnet (72.5%) and ChatGPT-4o (66.0%) was not statistically significant, 
it remains uncertain whether the observed performance gap would persist under 
minimal refinement strategies, such as follow-up prompting or answer verification. 
In a certification setting, where reasoning transparency and opportunities for 
error correction are important, this distinction may influence how these tools are 
incorporated into study workflows.

The relationship between agreement metrics and accuracy also warrants careful 
consideration. Moderate inter-model agreement (Fleiss’ κ=0.44), together with 
33 questions missed by all models, suggests that errors were concentrated within 
specific knowledge domains rather than arising from random variability. This finding 
is clinically relevant because it indicates systematic limitations in higher-order clinical 
reasoning, particularly in areas where diagnostic and treatment accuracy remained 
comparatively constrained for certain models. From an educational perspective, 
such convergence of errors may limit the usefulness of cross-model triangulation 
as a validation strategy.

The qualitative assessment introduces an additional layer of complexity. 
Although the majority of responses were graded as “extremely correct,” inter-rater 
agreement among graders was minimal (Fleiss’ κ=0.054). This discordance suggests 
that qualitative ratings may have been influenced by ceiling effects or differences 
in interpretive thresholds rather than by a consistent assessment of explanatory 
depth(3). Consequently, the apparent superiority of one model in qualitative scoring 
may partially reflect rating dynamics rather than substantive differences in the fidelity 
of clinical reasoning.
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The domain-specific findings further refine the inter
pretation of the results. Consistently higher performance  
in retinal pathology than that in retinal anatomy and 
physiology and diagnosis and treatment suggests that 
factual recall is more effectively captured than integrative 
clinical decision-making. This distinction is important 
because certification examinations increasingly emphasize 
management pathways, risk stratification, and therapeutic 
nuance rather than isolated knowledge recall(4).

We commend the authors for advancing the evaluation of 
LLMs within the context of a retina subspecialty certification 
framework. Future studies incorporating structured multi-
turn prompting, error-clustering analyses linked to specific 
clinical competencies, and calibrated qualitative grading 
criteria may better define how these models align with the 
cognitive demands of specialist training and assessment.
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